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bound-constraint svm classification
Support Vector Machine object of class "ksvm"

SV type: C-bsvc (classification)
parameter : cost C = 5

Gaussian Radial Basis kernel function.
Hyperparameter : sigma = 0.1

Number of Support Vectors : 20

Objective Function Value : -10.6803 -6.8296 -10.4272
Training error : O
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